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Abstract

Existing studies within the field of health economics have identified a negative causal
relationship between socioeconomic status and mental health and have begun to in-
vestigate underlying mechanisms for the purpose of designing more effective welfare
policies. By evaluating the impact of psychoeconomic factors associated with poverty
and economic hardship, I hope to add a nuanced understanding of how these factors
can interact to adversely affect mental health by furthering the development or occur-
rence of mood disorders. Using OLS estimation techniques, my findings indicate that
there is a strong correlation between conditions of impoverishment and symptomatic
experiences of anxiety and depression, such that an individual who lives at or below the
poverty threshold is susceptible to experiencing more pronounced symptoms of anxiety
and depression than an individual who does not experience income constraints.
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1 Background and Introduction

There are many misconceptions and stereotypes that exist on the subject of poverty in
the United States. One of the more pervasive beliefs involves the assumption that poverty
affects only a relatively small number of Americans and that the majority of these affected
individuals are entrenched in poverty for years at a time. Contrary to these assumptions, the
New York Times reported in 2013 that approximately 54% of Americans between the ages of
25 and 60 would experience at least one year in poverty or “near-poverty,” which is defined
as having a household income below 150% of the official poverty line. According to the U.S.
Census Bureau’s 2016 estimates, the official poverty rate1 is 12.7% with approximately 40.6
million Americans living in poverty. The Census Bureau indicates that nearly 45% of those
in poverty (~19.4 million) live in a household with a total cash income below 50% of their
poverty threshold, which is considered to be “deep poverty.”

I have chosen to focus on the United States, given that it is a developed country with
significant income inequality as well as welfare policy inefficiencies. In recent years, income
inquality in the United States has reached unprecedented new levels, and this trend of
inequality is expected to worsen in the coming years. According to reports from the Federal
Reserve, the richest 1% of households possess nearly 40% of the country’s wealth, while the
bottom 90% of American families owned only 22.8% in 2016.

Given the persistence of these issues and the growing number of individuals who are
likely to encounter some form of economic hardship throughout their lifetime, I aim to
investigate the overall causal impact of low socio-economic status on the development of
mental health disorders. My research provides evidence of a significant correlation between
poverty/low-income and conditions of anxiety and depression. Based upon the SPM’s defi-
nition of poverty,2 I propose that socio-economic stressors may be driving this relationship.
Using clinical psychological definitions to define mental health outcomes, I aim to investi-
gate the causal structure of this relationship and the potential mechanisms underlying it. I
believe that my research could have policy implications for how to better design economic
policy to assist individuals experiencing income volitility.

In order to empirically address this question, my research relies on cross-sectional U.S.
1The Official Poverty Measure compares each household’s annual income to an adjusted poverty threshold,

which has been created for households based on size, composition, and age. Since its invention in 1963, the
poverty rate has historically fluctuated between lows of 11% and highs of 15%. Its initial decline from 1964
to 1973 can be attributed primarily to the introduction of President Lyndon Johnson’s War on Poverty
initiatives.

2In 2010, the Supplemental Poverty Measure (SPM) was adopted to better account for how economic,
social, and policy changes affect the economic demands of today. According to the SPM, poverty is more
relevantly defined as “the lack of economic resources for consumption of basic needs such as food, housing,
clothing, and utilities.”
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Census data and National Health Interview Surverys from the IPUMS database. This
database offers a wide-range of information spanning from 1963 to 2016 on a variety of
factors such as socio-economic status and mental health. My research contributes to the
body of health economics literature and suggests that there is indeed a common element
of economic insecurity underlying poverty-related concerns that can contribute to increased
symptoms of mood disorders, such as anxiety and depression.

2 Literature Review

Numerous studies within health economics have identified an inverse relationship between
socio-economic status and mental health. Early literature has established a correlational
relationship between various socio-economic factors (e.g. income, education, occupation,
age, sex, marital status, and ethnicity) and health. As Fuchs (2004) noted in his review, it
is often challenging to estimate the independent effect of socio-economic correlates on health
due to the complex interactions among these variables and their inherent relation to one
another. Fuchs laments that while it is possible to circumvent the issue of multicollinearity
through a more general classification of SES, as a variable which encapsulates occupation,
income level, etc., this method considerably limits the causal applicability of these findings
on policy implications. Though robust causal interpretations have been achieved, Fuchs
notes that there is still much to be explored in terms of the mechanisms underlying these
relationships. These complications are further exacerbated by the fact that health is multi-
dimensional in nature, and thus, may produce conflicting results depending upon the health
outcome used for evaluation. Fuchs notes that in high-income countries, a postive correlation
has generally been found between income and health.

More recently, much of the research within health economics has relied on the use of large-
scale, longitudinal data for the purpose of clarifying the casuality of this relationship. Among
these studies, Wildman (2003) used panel data from Great Britain to evaluate income-related
inequalities in mental health. Wildman’s findings indicate that subjective financial status is
more determinant of ill-health than actual measured income. Wildman also concludes that
relative deprivation functions as an important contributor to health inequality for women
but not men.

Hudson (2005) examined the relationship between SES, economic hardship, and mental
illness by testing social causation and selection hypotheses using structural equation analysis
and data on psychiatric hospitalization records in Massachusetts for the years 1994 through
2000. This study found evidence of a direct effect of SES as well as an indirect effect through
the impact of economic hardship on low and middle income groups. Hospitalization rates
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were used as indicators of mental illness, and it is notable that a number of patients were
admitted for schizophrenia. I aim to contribute to this literature by using more recent data
which encapsulates rich survey information on different dimensions and relative severity of
mental health complications.

Green et al. (2013) looked at the direct relationship between SES and mental health of
low-income African-American populations using survey data from a sample of 128 households
that had been relocated from public-housing in Washington, D.C. The data included self-
reports on physical housing conditions and mental health stresses, such as feeling depressed,
worried, sad, hopeless, and emotionally upset. Green found that while there was strong
overall explanatory power of physical housing stressors on mental health, there was also
a significant association between many non-housing control variables. I hope to further
examine the association of other economic factors on the SES-mental health relationship
while controlling for housing variables.

Mani (2013) and his colleagues were interested in explaining how poverty-related concerns
could help to explain a spectrum of behaviors of the poor. They have found that the
instance of poverty imposes a considerable burden on the human cognitive system in terms
attentional demands required to cope with financial uncertainty, liquidity constraints, or
persistent scarcity of resources. They studied Indian sugarcane farmers who experienced
significant financial pressures pre-harvest and income shocks post-harvest and concluded that
the situation of poverty itself is able to directly impede cognitive functioning by reducing the
already finite amount of human cognitive capacity in those affected. They have proposed
a mechanism for their findings: poverty-related concerns consume mental resources, thus
resulting in lesser cognitive capacity available for other tasks. Interestingly, this research
found that cognitive functioning was impaired even when biological markers of stress, such
as elevated heart rates and blood pressure, were not present. I hope to consider and control
for the effect on cognitive functioning ability, while investigating stress through the lens of
mental health outcomes rather than through strictly biological markers of stress.

In the years following the Great Recession3 of 2008, emerging research has sought to
explain the resulting implications of economic security, which can be broadly defined as “the
anxiety felt by individuals when they are threatened by the prospect of severe economic
losses.” In a recent study using Australian panel data from 2001-2011, Rohde et al. (2016)
explored the relationship between various economic insecurity measures (e.g. job insecurity,
financial dissatisfaction, income reductions/volatility, lack of access to emergency funds, etc.)
and mental health scores based upon the SF-36 mental health index. After controlling for

3The Great Recession refers to the U.S. recession (lasting from Dec. 2007 to June 2009) and subsequent
global recession caused by the crash of the housing market.
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heterogeneity through fixed effects models, Rohde’s estimates show a modest, yet consistently
negative effect of economic insecurity on mental health. Due to the wide range of economic
risks that were tested and determined to be hazardous, Rohde concluded that there is likely
to be some common element of economic insecurity, rather than any particular risk factor,
causing the detrimental effects seen to mental health.

To better understand the cumulative effect/consequences of repeated economic insecurity,
as opposed to contemporaneous occurrences, Watson and Osberg (2017) tested two alterna-
tive hypotheses in order to determine the impact of past economic shocks on an individual’s
current level of psychological distress. used Using longitudinal Canadian data spanning
from 2000 to 2009, Watson & Osberg found evidence of a robust healing effect throughout
ther entire sample, leading to the conclusion that although Canadians from their sample
were generally quite resilient to one-time economic insecurity shocks, males (and especially
those who were the most vulnerable to repeated episodes/bouts of economic insecuruty)
were more likely to experience elevated levels of psychological distress than females and in
comparison to their economically secure, male counterparts. In line with the premise of the
healing model, their evidence suggests that working-age adults tended to recover from their
past accumulated experiences of economic insecurity/instability if they had recently expe-
rienced economic security/stability (i.e. were employed and job secure). In support of the
“healing” model4, thier findings indicated that only the most recent experience of economic
insecurity was predictive of current distress among males. Additionally, males who expe-
rienced 3-4 cycles of economic distress were found to have higher psychological afflictions,
as compared to their economically secure male counterparts during the same time period.
However, for females all deprivation measures were statistically insignificants insignificant,
and for working-age females, all economic insecurity measures, including measures of relative
deprivation, were found to be statistically insignificant.

3 Conceptual Framework

Because socio-economic status shapes experience and determines exposure to virtually all
psychosocial risk factors for health, I expect that situations of poverty will have adverse
effects on mental health and psychological well-being. Though mechanisms for this rela-
tionship have yet to be definitively established, I propose that circumstances of economic
hardship (e.g. financial insecurity, income volatility, etc. ) or instances of near poverty share

4The “breaking-point” model suggests that past accumulated experiences of economic insecurity can cause
detriment to current psychological state, regardless of recency. However, the “healing model” states that only
the most recent experience will be predictive of current psychological distress. Watson and Osberg (2017)
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a common element which could contribute to the development of mood disorders.
I propose that there is a fundamental element of economic insecurity associated with

poverty which could contribute to the development of mood disorders (i.e. anxiety and
depression) by causing chronic, elevated stress levels, or by imposing a cognitive burden.
Similarly, it has been shown that situations of repeated financial hardship can impose a cog-
nitive burden on those affected. It is also possible that those who are unable to significantly
improve their situations or financial prospects could become more or less conditioned into
feeling helpless or defeated. (if it is financial hardship or shocks to financial stability, I would
expect to see that scores for mental illness are relatively higher during the great recession,
in comparison to the years prior. Thus, I hypothesize that impoverished individuals will be
more vulnerable to symptoms of depression and anxiety due to the inherent stress of living
in perpetual state of economic scarcity, or relative deprivation.

Alternatively, these adverse effects to mental health could also be explained by an acute
awareness of relative income inequality rather than stress caused by absolute lack of financial
resources. If this is the case, I might expect an individual to experience greater symptoms
of anxiety or depression based upon their perception of what is socially acceptable (not the
absolute lack of income, but rather the perceived income disparity). Conversely, it may
be that factors outside of the realm of socio-economic explanations (e.g. genetics, physical
health conditions, early life trauma, etc.) play a larger role than socio-economic factors in
determining the development of mental health dysfunction.

4 Data and Variable Considerations

4.1 Cross-Sectional Data on Working-Age Americans

In this study, I draw on U.S. census records and National Health Interview Survey (NHIS)
data from the Integrated Public Use Microdata Series (IPUMS) database5 for the years
2005 to 2013. This database provides me with access to rich information on a variety of
physical and mental health conditions for working-age Americans.6 While many variables
can be attained at either the household or individual level, much of my regression analysis
is performed on an individual level for the purpose of clarifying how an individual’s socio-
economic status relates to their personal experience of anxiety or depression.

After excluding missing values and creating indicator variables for parameters of interest,
my sample size contains a total of 206,052 observations and 33 variables pertaining to various

5The IPUMS USA database provides harmonized U.S. census data for the purposes of social, economic,
and health research.

6Working-age refers to adults of 18 years or older.
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economic, demographic, and psychosocial factors (Table 1). My sample includes individuals
ranging in age from 18 to 95 years old, with the average age being 47. Caucasians were the
predominant racial category7 of my sample, accounting for 78%.Females account for 54% of
my sample, while males make up the remaining 46%. On a 20-point scale, the average score
for depression is 1.78, whereas the average score for anxiety is slightly above that at 2.32.

4.2 Mental Health Variables

Mental health data were originally gathered through sample adult questionnaires and col-
lected for the purpose of evaluating nonspecific facets of psychological distress. To construct
mental health outcomes of interest, I combine existing variables pertaining to each individ-
ual’s symptomatic experience of depression and anxiety. Participants were asked to rate the
relative frequency with which they had experienced psychological symptoms in the past 30
days (e.g. feeling sad, hopeless, nervous, restless, worthless, that everything was an effort,
or that feelings interfered with life). Each item was scored on a 5-point scale (ranging from
“none of the time” = 0 to “all of the time” = 4), and these items were summed to produce
two separate measures of mental health for depression and anxiety.

In accordance with known psychological definitions8 of depression and anxiety, depression
scores9 were obtained using sadness and hopelessness as the primary symptoms on interest,
while anxiety scores10 focus on symptoms of nervousness and restlessness. Since anxiety and
depression exhibit comorbidity and are likely to result in similar manifestations of worthless-
ness, effort/fatigue, and emotional interference, these items are built into both measures of
mental health. Thus, each variable encapsulates 5 dimensions11 to produce a 20-point scale.

4.3 Socio-Economic Status Variables

Since I am interested in capturing the effect of impoverishment, I use poverty and low −
income as my primary explanatory variables. Both measures are useful as proxies for in-
dividuals with low socio-economic status who may be experiencing similar forms of income

7Other racial categories, such as asians and native americans, were controlled for, yet not listed in Table
1. Asians accounted for 8% of the sample, while Native americans accounted for approximately 2%.

8Depression and anxiety were constructed in accordance with the diagnostic criteria listed in the DSM-5
mental health index.

9Depression scores are composed of responses to 3 questions regarding an individual’s experience of
sadness, hopelessness, and worthlessness. Additionally, 2 questions were included to account for responses
that “everything felt like an effort” or that “emotional feelings interfered with daily life.”

10Anxiety scores are composed of responses to 3 questions regarding an individual’s experience of ner-
vousness, restlessness, and worthlessness. Additionally, 2 questions were included to account for responses
that “everything felt like an effort” or that “emotional feelings interfered with daily life.”

11Made up of 2 unique traits and 3 shared traits
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constraints. Thus, I am interested to see how mental health implications may vary with
respect to different measurements of general economic stress and relative deprivation. An
indicator variable for poverty was created to group individuals with a household income
below their respective poverty threshold.12 For the purposes of nuanced analysis, an indi-
cator variable for low − income was constructed to group together individuals making less
than $35,000 annually. Both low− income and mid− income13 provide a basis for compar-
ison against the base group of individuals with high− income, or annual income exceeding
$75,000.

4.4 Demographic Controls

IPUMS also provides useful demographic information on age, gender, racial background,
subjective health status, region,14 educational attainment level, employment status, occupa-
tional industry, marital status, household size, and family structure.

To identify individuals with limited educational attainment, an indicator variable for
low − skill15 level was constructed. Employment16 status was defined in accordance with
traditional U.S. Census Bureau definitions. To control for occupational differences, I use
broader industry-level classifications to create dummy variables for industry. The variable
for health status, or healthy, was obtained based upon an individual’s assessment of their own
health. Individuals who believed their health to be “good” “very good,” or “excellent” were
considered as healthy, while those who responded “fair,” or “poor” were not. Dummy variables
were created for marital status, or marstat, (married, widowed, divorced, separated, single)
for the purpose of comparison with the base group of those who are single, meaning that
they have never been married. Additionally, race (african american, asian, native american)
was used to create dummy variables so that minority groups could be compared in reference
to the base group of white.

12According to the U.S. Census Bureau, the Federal Poverty Threshold is calculated as 3x the inflation-
adjusted cost of a minimum food diet.

13Mid− income refers to an income of less than $75,000 per year.
14Region refers to the geographic location of each household.
15Low − skill refers to individuals who did not possess any type of degree which would indicate higher

educational attainment or possession of technical/vocational skills past the high school level.
16Individuals were considered to be unemployed only if they were actively searching for employment, yet

did not have a job within the past 12 months. Individuals who did not have a job, nor were they actively
seeking one, were excluded from the labor force.
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5 Econometric Models and Estimation Methods

In order to isolate the causal effect of low socio-economic status on the development of anx-
iety and depression, I use OLS estimation techniques to regress mental health outcomes on
idependent variables representing low SES (i.e. multiple linear regressions of depression and
anxiety on circumstances of poverty or low-income). Given that these two mood disorders
have similar comorbidity and are likely to result from the constant stress of poverty-related
concerns, I expect to see score of depression rise in conjunction with instances of economic
insecurity.

5.1 Inclusive Framework: Linear Regression of Depression/Anxiety

Outcomes on Low SES17

Depressionit = β0+β1Povertyht+β2LowIncht+β3MidIncht+β4Employit+β5Industryit+

β6LowSkillit + β7Healthyit + β8Ageit + β9Maleit + β10Raceit + β11MarStatit + β12Y ear +

β13Regionht + uht

Anxietyit = β0+β1Povertyht+β2LowIncht+β3MidIncht+β4Employit+β5Industryit+

β6LowSkillit + β7Healthyit + β8Ageit + β9Maleit + β10Raceit + β11MarStatit + β12Y ear +

β13Regionht + uht

5.1.1 Model 1: Regression of Depression/Anxiety Outcomes on Poverty

Depressionit = β0+β1Povertyht+β2Employit+β3Industryit+β4LowSkillit+β5Healthyit+

β6Ageit + β7Maleit + β8Raceit + β9MarStatit + β10Y ear + β11Regionht + uht

Anxietyit = β0+β1Povertyht+β2Employit+β3Industryit+β4LowSkillit+β5Healthyit+

β6Ageit + β7Maleit + β8Raceit + β9MarStatit + β10Y ear + β11Regionht + uht

5.1.2 Model 2: Regression of Depression/Anxiety Outcomes on Low-Income

Depressionit = β0+β1LowIncht+β2MidIncht+β3Employit+β4Industryit+β5LowSkillit+

β6Healthyit + β7Ageit + β8Maleit + β9Raceit + β10MarStatit + β11Y ear+ β12Regionht + uht

Anxietyit = β0+β1LowIncht+β2MidIncht+β3Employit+β4Industryit+β5LowSkillit+

β6Healthyit + β7Ageit + β8Maleit + β9Raceit + β10MarStatit + β11Y ear+ β12Regionht + uht

17Where i indexes the individual, h indexes the household, and t indexes the survey year.
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5.2 Estimation Methods

My intention is to estimate the causal effect of poverty on depression (model 1) and poverty
on anxiety (model 2) through the use of OLS estimation. However, there is the potential for
bias in my estimator due to my omission of a variable which would control for an individual’s
level of access to health care. Income (accounted for in my models through poverty and
lowinc) has the potential to facilitate access to medical care, and mental health services.
Since it is plausible to assume that individuals with greater financial limitations may be
more constrained in their ability to access adequate care, it is likely that there is a negative
correlation between access and poverty. Likewise, if we assume that expanded access to
care is able to lessen the extent to which individuals experience symptoms of depression,
then a negative correlation may exist between access and depression. In this situation,
my estimate of the effect of poverty on depression will have been upward biased and thus
overestimated.

One way to circumvent this issue could be through the use of an alternative estimator,
such as the difference-in-difference estimator. As an alternative to OLS estimation, it may
be useful to use a difference-in-difference estimator, as this could combat bias and provide
evidence for a causal effect of poverty on depression.

6 Results

After running preliminary regressions of depression and anxiety on my independent variables,
my results indicate that low socio-economic status, as measured by poverty and low−income,
are important contributors to worsening scores of depression (Table 2) and anxiety (Table
3). As expected, poverty is shown to have a positive relationship with the outcomes of
depression and anxiety, such that the incidence of poverty leads to a 0.57 point increase in
depression (Table 2: Model 1) and a 0.50 point increase in anxiety scores on average (Table 3:
Model 1). It should be noted that there appears to be a gender effect, in which impoverished
females are shown to be more susceptible to a symptomatic experience of depression and
anxiety than males.

Interestingly enough, low−income produces a consistently larger effect than the instance
of poverty, resulting in a 0.65 point increase in depression scores as compared to those with
higher incomes18 (Table 2: Model 2). According to the estimates provided in Model 2, having
a source of employment appears to considerably reduce depression scores, leading to a 1.31
point decrease in depression as compared to those were unemployed. There is an estimated

18Annual income greater than $75,000
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2.26 point decrease in depression scores for those who considered themselves to be of healthy
status. This coefficient is likely downward biased due to the omission of a variable to control
for accessibility to health care. Also, this effect may be strongly associated with depression
scores due to the fact that an individual’s subjective sense of physical well-being may be
strongly tied to their perception of mental health status. Though this model is only able to
explain 10.3% of the variation in outcomes of depression, it provides robust evidence of a
causal link between low socio-economic status and depression.

The second set of OLS estimates pertaining to my regression of anxiety show that poverty
(Table 3) produces a similar effect on the outcome of anxiety in terms of magnitude and
direction, when compared to the previously estimated effect of depression. When splitting
the original sample to control for differing levels of skill (Table 4), it is revealed that low −
income has stronger explanatory power among individuals with high− skill, leading to an
estimated 0.67 point increase in anxiety (Table 4: Model 2), as compared to those with
low− skill.19 This is not surprising, since individuals with higher skill level, as indicated by
higher educational attainment, are more likely to have higher incomes and consequently less
anxiety related to fundamental resource scarcity.

Future work should aim to better understand the nature of poverty-related concerns and
the mechanisms underlying their causal relationship with mental illness. A more nuanced
understanding of these mechanisms could be applied to economic policy reform. By improv-
ing welfare policies or providing expanded mental health care access to the poor, underlying
stressors of economic hardship could be alleviated to better equip individuals with greater
opportunities for improving their economic situations.

19The low-skilled sample experiences a 0.38 point increase in anxiety scores, on average.
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Table 1: Summary Statistics

(1)

mean/sd
Depression 1.78

(3.37)
Anxiety 2.32

(3.57)
Poverty 0.16

(0.37)
Low-Income (less than 35,000) 0.41

(0.49)
Mid-Income (35,000 - 74,999) 0.33

(0.47)
Employed 0.93

(0.26)
Low-Skill 0.61

(0.49)
Healthy 0.86

(0.35)
Age (years) 47.17

(17.38)
Male 0.46

(0.50)
White 0.78

(0.42)
African American 0.16

(0.37)
Married 0.46

(0.50)
Single 0.27

(0.44)
Divorced/Separated 0.19

(0.40)
Observations 206052

This table contains data on households and individuals collected through National Health Interview
Surveys obtained from the IPUMS USA database for the years 2005 - 2013. "Depression" and

"Anxiety" are indicator variables scored on a 20-point scale based on 5 psychological dimensions.
"Depression" focuses on the relative frequency of symptoms such as sadness and hopelessness, while
"Anxiety" focuses on symptoms of restlessness and nervousness. "Poverty" refers to individuals with
an annual income at or below their respective poverty threshold as determined by the U.S. Census

Bureau. "Low-Skill" refers to individuals with less than a high school level of educational attainment.
"Healthy" refers to responses regarding an individual’s subjective assessment of their physical health.
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Table 2: OLS Estimation: Alternate Models Comparing the Effect of Poverty/Low-Income
on Depression Scores

(1) (2) (3)
Both Model 1: Poverty Model 2: Low-Income
b/se b/se b/se

Poverty 0.32∗∗∗ 0.57∗∗∗
(0.03) (0.03)

Low-Income (less than 35,000) 0.55∗∗∗ 0.65∗∗∗
(0.02) (0.02)

Mid-Income (35,000 - 74,999) 0.21∗∗∗ 0.21∗∗∗
(0.02) (0.02)

Employed -1.27∗∗∗ -1.30∗∗∗ -1.31∗∗∗
(0.04) (0.04) (0.04)

Low-Skill 0.14∗∗∗ 0.22∗∗∗ 0.15∗∗∗
(0.02) (0.02) (0.02)

Healthy -2.25∗∗∗ -2.30∗∗∗ -2.26∗∗∗
(0.05) (0.05) (0.05)

Age -0.01∗∗∗ -0.01∗∗∗ -0.01∗∗∗
(0.00) (0.00) (0.00)

Male -0.37∗∗∗ -0.37∗∗∗ -0.37∗∗∗
(0.02) (0.02) (0.02)

African American -0.10∗∗∗ -0.08∗∗∗ -0.10∗∗∗
(0.02) (0.02) (0.02)

Married -0.12∗∗∗ -0.24∗∗∗ -0.11∗∗∗
(0.02) (0.02) (0.02)

Widowed 0.28∗∗∗ 0.32∗∗∗ 0.27∗∗∗
(0.06) (0.06) (0.06)

Divorced 0.24∗∗∗ 0.24∗∗∗ 0.23∗∗∗
(0.03) (0.03) (0.03)

Separated 0.36∗∗∗ 0.39∗∗∗ 0.38∗∗∗
(0.05) (0.05) (0.05)

Observations 141589 141589 141589
R-Squared 0.104 0.100 0.103

This table contains results from an OLS linear regression of depression on the explanatory variables of
poverty and low-income. The incidence of poverty leads to a 0.57 point increase in scores of depression;

whereas, low-income contributes to a 0.65 point increase in depression scores on average.
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Table 3: OLS Estimation: Alternate Models Comparing the Effect of Poverty/Low-Income
on Anxiety Scores

(1) (2) (3)
Both Model 1: Poverty Model 2: Low-Income
b/se b/se b/se

Poverty 0.30∗∗∗ 0.50∗∗∗
(0.04) (0.03)

Low-Income (less than 35,000) 0.41∗∗∗ 0.51∗∗∗
(0.03) (0.02)

Mid-Income (35,000 - 74,999) 0.14∗∗∗ 0.14∗∗∗
(0.02) (0.02)

Employed -1.29∗∗∗ -1.31∗∗∗ -1.33∗∗∗
(0.04) (0.04) (0.04)

Low-Skill 0.03
(0.02)

Healthy -2.39∗∗∗ -2.43∗∗∗ -2.40∗∗∗
(0.05) (0.05) (0.05)

Age -0.02∗∗∗ -0.02∗∗∗ -0.02∗∗∗
(0.00) (0.00) (0.00)

Male -0.40∗∗∗ -0.41∗∗∗ -0.41∗∗∗
(0.02) (0.02) (0.02)

African American -0.36∗∗∗ -0.33∗∗∗ -0.35∗∗∗
(0.02) (0.02) (0.02)

Asian -0.43∗∗∗ -0.43∗∗∗ -0.43∗∗∗
(0.03) (0.03) (0.03)

Native American 0.04 0.05 0.03
(0.09) (0.08) (0.08)

Married -0.18∗∗∗ -0.27∗∗∗ -0.17∗∗∗
(0.02) (0.02) (0.02)

Widowed 0.15∗ 0.19∗∗∗ 0.15∗∗
(0.06) (0.06) (0.06)

Divorced 0.22∗∗∗ 0.23∗∗∗ 0.22∗∗∗
(0.03) (0.03) (0.03)

Separated 0.23∗∗∗ 0.25∗∗∗ 0.24∗∗∗
(0.06) (0.06) (0.06)

Observations 141581 142258 142258
R-Squared 0.092 0.090 0.091

This table contains results from an OLS linear regression of anxiety on the explanatory variables of
poverty and low-income. The incidence of poverty leads to a 0.50 point increase in scores of anxiety;

whereas, low-income contributes to a 0.51 point increase in anxiety scores on average.
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Table 4: OLS Estimation: The Effect of Low-Income on Anxiety Scores for Low-
Skilled/High-Skilled Individuals

(1) (2) (3)
Model 2: Low-Income Low-Skill Sample High-Skill Sample

b/se b/se b/se
Low-Income (less than 35,000) 0.51∗∗∗ 0.38∗∗∗ 0.67∗∗∗

(0.02) (0.03) (0.04)
Mid-Income (35,000 - 74,999) 0.14∗∗∗ 0.07∗ 0.19∗∗∗

(0.02) (0.03) (0.02)
Employed -1.33∗∗∗ -1.36∗∗∗ -1.25∗∗∗

(0.04) (0.05) (0.07)
Healthy -2.40∗∗∗ -2.40∗∗∗ -2.41∗∗∗

(0.05) (0.06) (0.09)
Age (years) -0.02∗∗∗ -0.02∗∗∗ -0.02∗∗∗

(0.00) (0.00) (0.00)
Male -0.41∗∗∗ -0.52∗∗∗ -0.26∗∗∗

(0.02) (0.03) (0.02)
African American -0.35∗∗∗ -0.32∗∗∗ -0.44∗∗∗

(0.02) (0.03) (0.03)
Married -0.17∗∗∗ -0.17∗∗∗ -0.15∗∗∗

(0.02) (0.03) (0.03)
Widowed 0.15∗∗ 0.18∗ 0.07

(0.06) (0.08) (0.09)
Divorced 0.22∗∗∗ 0.29∗∗∗ 0.13∗∗∗

(0.03) (0.04) (0.04)
Separated 0.24∗∗∗ 0.17∗ 0.39∗∗∗

(0.06) (0.07) (0.09)
Observations 142258 79828 61753
R-Squared 0.091 0.093 0.082

This table contains results from an OLS linear regression of anxiety on the explanatory variable,
low-income, performed with samples of low-skilled and high-skilled individuals. For low-skilled

individuals, the incidence of low-income leads to a 0.38 point increase in scores of anxiety. However, for
high-skilled individuals, low-income contributes to a 0.67 point increase in anxiety scores on average.
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